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COmPUt ational Social Choice #Flec. Avg. #Voters Avg. #Cand. #Flec. Avg. #Voters Avg. #Cand.
e Computational Social Choice: algorithmic and axiomatic analysis boxing top 16  time 99 31.9 19.76 31 17.45 15.32
of collective decision-making problems, where the preferences of football season  time 2746 12.28 152.36 2422 12.6 156.71
agents should be aggregated into a “compromise” solution. Formula 1 race  time 454 61.3 20.46 396 47.2 17.93
e Early years: study of the theoretical worst-case computational com- Formgla 1 season t%me 71 14.58 43.97 42 13.58 21.57
plexity of decision-making related problems. spotify month  time 645 29.78 306.64 032 29.91 109.28
e More recently: focus has partially shifted towards the practical ap- tenmis top 100 t%me 2) 0048 140 2) 499 62.31
- . . Tour de France  time 97 21.14 175.69 95 19.7 82.64
plicability of theoretical research, yet many subareas still lack em- . " ., 1 19 Ny 1 19 016
pirical research (one explanation: unavailability of real-world data). Y TAnRIE o
| country ranking  crit. 12 17.25 119.17 12 14.25 95.58
e PrefLib platform largest database for real-world elections (previ- foothall week orit A15 33 98 219 67 A15 77 35 08 45
ously containing 701 real-world elections divided into 36 datasets). spotify day orit 269 =3 06 2497 74 257 10.06 920.73
Most of them either have few candidates or voters express only university ranking crit. A 135 3390 5 1 135 193.95
partial preferences which can include many ties.
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e For most elections similarity measures are not small. e There are only few elections from a restricted domain and only some elections close to one.
e Datasets quite homogeneous with respect to similarity of votes. e Ellections that are close to one domain are typically also close to another.
e Kemeny score highly correlated with the average swap distance. \\OE__ections from a restricted domain are typically quite degenerate. 1 candi-
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(a) All elections (a) City ranking elections (a) Boxing top 16 elections (a) Elections without Condorcet winner

Takeaway: Voting rules often agree on the returned winner because most elections have a Condorcet winner and voting rules often select them.
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